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 methodology (an estimation of a two-way fixed effects model) do not provide clear evidence of the existence of assortative matching between workers and firms, i.e., there is no clear evidence that good employees work in good firms. In fact, negative or very small correlations are found in the literature using this approach. Andrews et al. (2008, 2012) suggest that positive assortative matching has not been observed in the empirical literature because of a limited mobility bias. This paper uses Italian soccer championship data to test positive assortative matching.

Because job turnover is significantly high in professional soccer, we use numerous movers to detect sorting. Our results indicate that estimating a standard Mincerian wage equation with numerous movers enables us to find a positive correlation between players' and firms' fixed effects, meaning that good players tend to move to good teams. This suggests that superstar effects are at work as the unobserved component of the player fixed effect is far more correlated with the wage than the observed component.

Introduction

In each labor market, the remuneration earned by workers and the wages paid by firms vary significantly. As suggested by [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF], explanations for this heterogeneity can be found in both supply-side and demand-side determinants, although the more interesting explanations focus on a combination of the two approaches. The determinants of job mobility traditionally were analyzed by focusing only on workers' characteristics; only since the 1990s have these factors also been considered in relation to firms' characteristics, thanks to the development of linked employee-employer data (LEED). Therefore, the following key question emerged in the literature: Do good workers move to good firms? Using his theory on the economics of marriage, [START_REF] Becker | A theory of marriage: Part I[END_REF] introduced the idea of assortative matching, through which spouses tend to choose each other by sorting potential candidates as a function of their observable characteristics (IQ, education, attractiveness, height, etc.). Similarly, in labor economics, the theory of assortative matching focuses on the mutual selection of workers and firms. Several authors have studied this topic from a theoretical point of view (e.g., [START_REF] Sattinger | Assignment models of the distribution of earnings[END_REF][START_REF] Mortensen | Job creation and job destruction in the theory of unemployment[END_REF].

Empirical studies 1 do not provide clear evidence regarding the existence of assortative matching between workers and firms, i.e., there is no clear evidence that good employees work in good firms. The first and most influential study on assortative matching in the labor market is attributed to Abowd, Kramarz and Margolis (AKM) (1999). Using a linked employer-employee dataset from France, these researchers estimate assortative matching by decomposing wages into worker and firm fixed effects. According to these authors, the correlation between these two effects is an indicator of sorting because the firms' fixed effects are a proxy of their wage policy and the workers' fixed effects are a proxy of their "quality". This methodology has been applied to different developed countries with similar results 1 Abowd, Kramarz and Margolis, 1999; Abowd, Creecy and Kramarz, 2002; Abowd, Kramarz, Lengeman and Perez-Duarte, 2004; Andrews, Gill, Shank and Upward, 2008; Torres, Portugal, Addison and Guimaraes, 2013. [START_REF] Abowd | Computing person and firm effects using linked employer-employee data[END_REF], for the United States; Andrews, Gill, Shank andUpward, 2008, 2012, for Germany;Iranzi, Schivardi and Tosetti, 2008, for Italy;[START_REF] Lopes De Melo | Firm Wage Differentials and Labor Market Sorting: Reconciling Theory and Evidence[END_REF] provides a summary of evidence based on AKM). Using this approach, negative or very small correlations are found in the literature: good workers appear to move to bad firms.

Because the negative correlations are not intuitive, recent studies have focused on possible statistical biases and have developed different methodologies. The primary concern is the detection of sorting using pioneering methods. [START_REF] Eeckhout | Sorting versus screening: Search frictions and competing mechanisms[END_REF] indicate that using unobserved workers' and firms' effects does not enable a direct test of the existence of assortative matching. These authors propose the construction of an indicator of the strength of sorting; unfortunately, however, this indicator does not determine the direction. Lopes de [START_REF] Lopes De Melo | Firm Wage Differentials and Labor Market Sorting: Reconciling Theory and Evidence[END_REF] proposes constructing an indicator to determine both the strength of sorting and the direction; his results yield strong evidence of positive assortative matching. In a recent paper, [START_REF] Bartolucci | Better Workers Move to Better Firms: A Simple Test to Identify Sorting[END_REF] propose a test that uses information on workers' mobility, wages and firm profits to identify the sign and strength of assortative matching.

Overall, these three recent studies suggest that positive assortative matching is a pervasive feature of the labor market, i.e., good workers appear to move to good firms.

From a statistical point of view, [START_REF] Andrews | High wage workers and low wage firms: negative assortative matching or limited mobility bias?[END_REF][START_REF] Andrews | High wage workers match with high wage firms: Clear evidence of the effects of limited mobility bias[END_REF] suggest that positive assortative matching has not been observed in the empirical literature using two-way fixed effects models because of limited mobility bias. These researchers indicate that the correlation between workers' and firms' fixed effects is negative when the number of movers is small and positive when the number of movers is large. In other words, empirical literature fails to find positive assortative matching because the data often include only a small number of movers.

In this paper, we use Italian soccer championship data to test positive assortative matching by estimating a two-way fixed effects model. First, because job turnover is significantly high in professional soccer, we use numerous movers to detect sorting. Second, we note that labor economists have difficulty ranking workers and firms by performance. In our study, however, we have extensive information on players' and teams' performance because soccer is the most popular sport worldwide. Because of this information, we are able to calculate "naïve" correlations between the subjects. Moreover, in the literature related to the AKM methodology, the issue of inter-industry differential in terms of productivity and wages has been highly debated (see for instance in [START_REF] Abowd | Persistent InterIndustry Wage Differences: Rent Sharing and Opportunity Costs[END_REF][START_REF] Abowd | Sorting between and within industries: a testable model of assortative matching[END_REF] as worker may be highly productive in a given sector and not in another one. We did not face this issue in our study as football players very good in a given team are very likely to be also very good in another one. [START_REF] Gandelman | Mobility Among Employers and Assortative Matching: Field Evidence From Soccer Data[END_REF] has already shown positive assortative matching using soccer data from the Uruguayan National League. Examining the determinants of soccer players' promotions and demotions, [START_REF] Gandelman | Mobility Among Employers and Assortative Matching: Field Evidence From Soccer Data[END_REF] finds that players' performance on the pitch correlates to the probability of being promoted; however, because the author has no information on wages, he does not estimate a wage variation equation.

The soccer sector is also particularly interesting as there are superstar effects [START_REF] Lucifora | Superstar effects in Sport: Evidence from Italian soccer[END_REF] linked to the popularity of "top" soccer players: earnings are found to be highly convex in performance measures, other things been equal. Franck and Nüesch (2008) insist on the fact that the exact talent of a star player is difficult to determine and find that the market values of German soccer stars are better predicted by expert evaluations revealing hidden talent characteristics than by firsthand observable talent measures. Our objective is also to contribute to this vein of the literature by estimating whether unobservable talent contributes more or not than observable talent to assortative matching in soccer.

Our results suggest the following: (1) using observable player and club performance, there is evidence of positive assortative matching, i.e., good players tend to move to good teams; (2) estimating a standard Mincerian wage equation, we find a positive correlation between players' and firms' fixed effects, also indicating that good players tend to move to good teams; (3) introducing information about workers' and firms' performance only marginally affects the estimation of this two-way fixed effect model; the contributions of wage variation and the correlation between the observed and unobserved components are virtually identical with and without performance; and (4) that superstar effects are at work as the unobserved component of the player fixed effect is more correlated with wage than the observed component. Overall, our work suggests that these models are appropriate for detecting assortative matching when mobility is not limited.

The paper proceeds as follows: Section 2 presents the data and the concept of the players' and teams' performance. Section 3 presents the descriptive evidence of assortative matching. We focus on empirical strategy in Section 4 and present our results in Section 5.

Section 6 provides concluding remarks.

The Data

We use data from the Italian Serie A (first division) for the seasons 2009[START_REF] Eeckhout | Sorting versus screening: Search frictions and competing mechanisms[END_REF][START_REF] Eeckhout | Sorting versus screening: Search frictions and competing mechanisms[END_REF]-2011,2011-2012, 2012[START_REF] Lopes De Melo | Firm Wage Differentials and Labor Market Sorting: Reconciling Theory and Evidence[END_REF]and 2013[START_REF] Abowd | Sorting between and within industries: a testable model of assortative matching[END_REF]. According to Deloitte (2012), the Serie A is the fourth most important European football league in terms of revenues, i.e., the average revenue per club and per season accounts for €77 million. A total of 20 clubs participate each year in the Serie A, the first division of the professional football system in Italy. At the end of the season, the three clubs with the worst performance in the Serie A are demoted to the Serie B, the second division of the professional football system in Italy, whereas the three clubs with the best performance in the Serie B2 are upgraded to the Serie A; therefore, 26 different clubs are considered in this study.

We retain only the 872 distinct soccer players who played at least two seasons and three games during the same season with the same team. For each player, we have the following variables: field position, team, wages, nationality, birth date (age), a dummy indicating whether the player plays for his country, his performance and his team's performance. All the data are obtained from the newspaper La Gazzetta dello Sport.

The players' performance

As previously noted, the framework of professional sports is particularly suitable for studying assortative matching in the labor market because information about players' skills and performance is easily accessible. In particular, some specialized newspapers evaluate each player after each game by rating the athletes. In this study, we use the ratings produced by the Italian newspaper La Gazzetta dello Sport, ranging from the worst (0) to the best (10).

For the four first seasons of our sample (i.e., 2009-2010 to 2012-2013), we consider the average rating for each player during the season. We only consider the four first seasons because we use ratings of the previous year to analyze the player mobility.

As noted by [START_REF] Gandelman | Mobility Among Employers and Assortative Matching: Field Evidence From Soccer Data[END_REF], these ratings can be subjective and are imperfect for the following reasons: first, the evaluation varies according to the writer; second, the writer may be influenced by personal preferences, and some players may receive better or worse evaluations than deserved. Overall, however, we consider the ratings to be a good proxy of each player's average performance over the entire season by offering a broad measure of performance on numerous aspects of the game.

Table 1 presents the distributions of the average ratings. The distributions are very similar for the four seasons: the ratings mean varies from 5.84 to almost 5.89. Individual player ratings range from 3.88 to 7.06 for the four seasons. 

The clubs' performance

Similar to [START_REF] Gandelman | Mobility Among Employers and Assortative Matching: Field Evidence From Soccer Data[END_REF] approach, we construct three different rankings to test the robustness of our results. Table 2 presents 3 The ranking does not change significantly when using other weights.

Stylized facts

Each season, about 43% of soccer players move from one club to another (42.7% to 44.1% according to the seasons). Among those players, less than 50% move within the first division. Approximately 30% of the players move to the second division or retire and approximately 20% move to other foreign leagues. Table 3 represents the share of players moving within the first division who shift to a better-ranked or a worse-ranked club based on the three rankings. On average, 30% move to a better club and 70% move to a worse one.

To obtain a preliminary idea regarding assortative matching, Figure 1 shows the distributions of ratings of players who move to a better club and of those who move to a worse club. Unsurprisingly, on average, players moving to better clubs have better ratings than players moving to worse clubs. Although the average rating of players who move to a better club is only 3.5% higher than the average of players who move to a worse club, this difference is statistically significant. [START_REF] Gandelman | Mobility Among Employers and Assortative Matching: Field Evidence From Soccer Data[END_REF] finds a 5% difference between promoted and demoted players. 

Figure 1: Distribution of ratings according to movements

Descriptive evidence shows signs of positive assortative matching. We now turn to the descriptive correlations between players' and teams' performance. Table 4 presents the correlations between rankings and ratings for players who change teams. The correlation between the different rankings is very high: the correlation between CL1 and CL2 is 0.84, between CL1 and CL3 is 0.95 and between CL2 and CL3 is 0.95. These results demonstrate that rankings are homogeneous.

We find that the correlations between clubs' rankings and players' ratings (for movers) are positive and range between 0.29 and 0.30. Of course, these correlations are only descriptive. Using the AKM methodology, the magnitude of the estimated correlation is approximately 0.2 to 0.3 in the literature. [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF] find a correlation of 0.27 and [START_REF] Andrews | High wage workers match with high wage firms: Clear evidence of the effects of limited mobility bias[END_REF] find correlations ranging from 0.2 to 0.3. The aim of the next section is to estimate a two-way fixed effects model to obtain correlations between the fixed effects components. 

Methodology

In pioneering methods, the evidence of assortative matching comes from the correlation between the workers' and firms' fixed effects ( i  and j  in equation (1) below).

We focus on this correlation to compare our results with other studies, although we use the methodology developed by [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF], which allows workers' and firms' fixed effects4 to be simultaneously estimated by decomposing them into observed and unobserved components. This methodology enables us to directly introduce the indicators for team and player performance into the two-way fixed effects model to see whether this approach improves estimations.

Using the same notations as [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF], we estimate the following linear wage equation:

ijt j i ijt ijt X W         ln (1)
where ijt W ln is the natural logarithm of the annual wage of player i (i=1,…,N) in team j (j=1,….,J) at year t (t=1,…,T). For each player, T is equal to 2 to 5. ijt X is a vector of the time-varying characteristics of the player and team.

i  is the player fixed effect and j  is the team fixed effect.

ijt

 is an error term following the conventional assumptions.

We first estimate equation ( 1) using pooled OLS with and without player and club performance (Table 6). We include the following (time varying and non-time varying) variables: age, age squared, seniority (years in a team), seniority squared, a dummy for the forward players, nationality (Italian=1; 0 otherwise), a dummy indicating whether the player is an international player (i.e. playing for his country), the share of Italian players in each team, the share of international players in each team, the years dummy, his performance and his team's performance. Results of these two estimations are presented in appendix (Table A1).

We then estimate equation (1) using fixed-effects OLS. In the first step, we use the time-varying variables (age, age squared seniority and seniority squared). Results are presented in appendix (Table A2). In the second step, we decompose the two estimated player ( i  ˆ) and team ( j  ˆ) fixed effects into an observed and an unobserved component.

For the players, we estimate the following:

i i i V ercept       int (2)
where i V is a of non-time-varying player characteristics (a dummy for the forward players, nationality and a dummy indicating whether the player is an international player),  is the associated vector of coefficients and the product of the two is the observed player heterogeneity component. To obtain the unobserved heterogeneity player component, we calculate the residuals

   i i i V  
. Results are presented in appendix (Table A3).

For the teams, we estimate the following:

j j j Z ercept       int (3)
where i Z is a vector of non-time-varying team characteristics (the share of Italian players in each team and the share of international players in each team),  is the associated vector of coefficients and the product of the two is the observed team heterogeneity component. To obtain the unobserved heterogeneity team component, we calculate the residuals

   j j j Z  
. Results are presented in appendix (Table A4).

We have three different components (and the residuals): The correlation between i  and j  and the correlation between  i V and  j Z may be taken as an estimate of the degree of sorting.

Results

Table 5 presents the correlations between the fixed effects components. Despite different datasets, our results are broadly in line with those of [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF] and those of j  (remember that the team fixed effect is a proxy of the club's wage policy and the player fixed effect is a proxy of the player's "quality") suggests evidence of positive assortative matching (0.46). As previously mentioned, [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF] find a correlation of 0.27 and [START_REF] Andrews | High wage workers match with high wage firms: Clear evidence of the effects of limited mobility bias[END_REF] find correlations ranging from 0.2 to 0.3. When focusing on observed components only, the result is the same: the correlation between the components is 0.40 (0.34

for [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF]).

Of the two primary components, the player fixed effect component exhibits the highest correlation with the log wage (0.83; 0.74 for [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF]); the correlation between the club fixed effect component and the log wage 0.71 (0.67 for [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF]). Both the observed and the unobserved components of the player fixed effect are highly correlated with the log wage (respectively 0.50 and 0.65) but the correlation with the unobserved component is far stronger, which differs slightly from the results of Torres et al. ( 2013) 5 . Concerning the components of the team fixed effect, both the observed and unobserved components are also correlated with the log wage (respectively 0.65 and 0.32). Our results differ slightly from those of [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF] on one particular way: this is not the observable part of the fixed effects that is the most correlated with the log wage but rather the unobserved component of the player fixed effect. The opposite is true for the team fixed effect, for which the observed component is the most correlated with the log wage. One explanation may be that a significant share of soccer players' wages depends on an "extra-sportive" component and in particular on the players' popularity. This explanation is in line with the works of Franck andNüesch (2008, 2012) who show that soccer players' wages and market values are higher when players are popular their quality. Overall, our results indicate that the relationship between teams' wage policies and the quality of the players selected is positive and that superstar effects may be at work in our sample as the unobserved component of the player fixed effect is more correlated with the wage than the observed component.

To test the idea of the correlation between the firm and the worker fixed effects is biased downwards when there are few movers, we drop randomly movers from our sample. while the share of movers remains above 20%. The correlation between player and club fixed effects is smaller when the share of movers is below 20% and becomes even negative when the share of movers is below 7%. As previously noted in [START_REF] Abowd | Are Good Workers Employed by Good Firms? A Test of a Simple Assortative Matching Model for France And The United States[END_REF] and Andrew et al. (2008Andrew et al. ( , 2012)), the correlation between the firm and the worker fixed effects is biased downwards when there are few movers in the data. The comparison between the descriptive correlation (in Section 3) and the correlations estimated with the fixed effects and the observed portion of the fixed effects show that when the number of movers is large, the twoway fixed effects model is stronger. 

        p p ijt ijt j j i i ijt ijt C Z W X W       ln
where p ijt C is the pth component. To measure the contribution of each component to wage variation, we calculate the following:

    ijt p ijt ijt W Var C W Cov ln , ln where     1 ln , ln   ijt p ijt ijt p W Var C W Cov
In Table 6, we report the contributions to the wage variation for pooled and fixed effects estimations. Both of these estimations are run with and without player and club performance (the of the equations are shown in the Appendix).

For pooled estimations, adding player and club performance (player ratings and a club ranking) into the estimation increases the R² by 2 points; player performance explains 1.9% and club performance explains 8.8% of total wage variation. Focusing on FE estimations enables us to decompose the player and firm fixed effects. The largest contribution comes from player fixed effects (54.7%), followed by club fixed effects (27.6%) and time-varying explanatory variables (10.9%). Among the player fixed effects, the unobserved component accounts for more than two-thirds of the total when player performance is not included; which is another indication of superstar effects, i.e. that "extra-sportive" criteria explain a big share of wage. For instance, Franck and Nüesch (2008) show that having a personal website and the media presence increase the players' market value, all other things being equal. However, contrary to the player fixed effects, the unobserved component accounts for slightly less than one-third of the total among the club fixed effects. Including both player and firm performance in the FE estimations increases the observed components by 1.5 and 0.7 points, respectively, which is very small.

Conclusion

Empirical studies on assortative matching using two-way fixed effect models have often failed to show that good workers move to good firms. One explanation of this result is the mobility bias: there are too few movers in firms to identify positive assortative matching.

We therefore use soccer data because job turnover is very high in soccer, providing us with numerous movers to detect sorting. [START_REF] Gandelman | Mobility Among Employers and Assortative Matching: Field Evidence From Soccer Data[END_REF] has already demonstrated matching between better workers and better employers but without estimating a wage equation.

In this paper, we show evidence of positive assortative matching through the use of both descriptive statistics and estimations of firm and worker fixed effects, i.e., good players tend to move to good teams. We also suggest that introducing information about worker and firm performance marginally affects the estimation of the two-way fixed effect model; the contribution of wage variations and the correlation between the observed and unobserved components are virtually identical with and without performance. Furthermore, our results are consistent with the recent literature and with [START_REF] Torres | The Sources of Wage Variation: A Three-Way High-Dimensional Fixed Effects Regression Model[END_REF]: worker heterogeneity is the most important source of wage variation, followed by firm heterogeneity. However, a significant difference emerges if we compare our results with other studies; the unobservable portion of the player fixed effects is more closely correlated with log wage than the observable portion, which could be explained by the fact that soccer players' wages may depend on an "extra-sportive" component, as suggested by Franck and Nüesch (2012). 

  these rankings of the 26 clubs that played at least one season in the Serie A division during the five seasons of our study. The first ranking (CL1) is contemporaneous because it is based on the final position of the club for the past five seasons in the first division Italian Soccer championship(from 2004-2005 to 2008-2009). We use seasons before 2009 to avoid reversed causality between wages and performances. For instance, because Internazionale Milano (a Milan team) won the championship four times during this period and finished second once, the team is ranked first. Juventus FC (a Turin team) is only ranked four in the CL1 because the club was downgraded to the Serie B in 2007.Among CL1 four teams were in Serie B during the five seasons, therefore they have the same ranking (23). The second ranking (CL2) is historical, based on the titles won in the first division championship (Serie A), the European cups (Champions League and Europa League), the Italian National Cup and the second division championship (Serie B). For each team, we construct an index of the number of titles won. To account for the prestige of each competition, we weight the number of titles as follows: 0.5 for the European cups, 0.3 for the first division championship and 0.1 each for the Italian Cup and the second division championship 3 . Finally, the third ranking (CL3) is the average of CL1 and CL2. For CL2, we tried to use UEFA rankings of club but only 12 clubs out of 26 were referenced. We used the 12 clubs rankings and for the others we used CL2. The results are not affected by this ranking.
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  Because we have indicators for firm and worker performance, we estimate the following equation with and without performance to measure the contribution of each component to wage variation:

  

Table 1 : Average player performance

 1 

				Standard	Minimum Maximum
	Season Observations	Mean	D.		
	2009-2010	425	5.888	0.320	4.00	7.06
	2010-2011	445	5.874	0.264	4.75	6.73
	2011-2012	472	5.828	0.304	4.50	7.00
	2012-2013	479	5.841	0.322	3.88	7.00

Source: La Gazzetta dello Sport

Table 2 : Average club performance (Rankings)

 2 Rankings are based on the performance of clubs in Italian championships (Serie A and B), in the Italian National Cup and in the European cups.

	Club	Ranking 1 Ranking 2 Ranking 3
	Inter	1	3	2
	Milan	2	1	1
	Roma	3	10	4
	Juventus	4	2	3
	Fiorentina	5	9	5
	Palermo	6	15	8
	Udinese	7	23	16
	Lazio	8	7	6
	Sampdoria	9	12	9
	Cagliari	10	14	11
	Atalanta	11	13	12
	Siena	12	25	18
	Livorno	13	18	17
	Chievo	14	24	19
	Parma	15	8	10
	Genoa	16	4	7
	Catania	17	22	21
	Napoli	18	11	15
	Torino	19	5	13
	Lecce	20	21	23
	Bologna	21	6	14
	Brescia	22	16	20
	Bari	23	17	22
	Novara	23	19	24
	Pescarra	23	20	25
	Cesena	23	26	26
	Note:			

Table 3 : Share of movements

 3 

		Share of	Share of
		players	players
		going to a	going to a
		better club	worse club
	Ranking 1	28.5%	72.5%
	Ranking 2	31.4%	68.6%
	Ranking 3	29.1%	70.9%
	Notes: rankings are based on the performance of clubs in the Italian championships (Serie A and B), in
	the Italian National Cup and in the European cups.		

Table 4 : Correlations between players and firm performance (movers)

 4 

		Ranking 1 Ranking 2 Ranking 3	Ratings
	Ranking 1	1	0.84	0.95	0.29
			<.0001	<.0001	<.0001
	Ranking 2		1	0.95	0.30
				<.0001	<.0001
	Ranking 3			1	0.30
					<.0001
	Notations				1
	Notes: correlations between players' ratings and clubs rankings are based on clubs post-moving
	rankings.				

Table 5 : Correlations between components

 5 

			Player fixed	Player fixed		Team fixed	Team fixed
			effect:	effect:		effect:	effect:
		Player fixed	unobserved	observed	Team fixed	unobserved	observed
	Log(wage)	effect	component	component	effect	component	component

Table 6 : Contributions to wage variation

 6 

	Contributions	
	Pooled	FE
	Without performance With performance Without performance With performance

The two first teams are directly promoted while the teams ranked between the third and the sixth position take part to a play-off to determine the third promoted club.

These researchers estimate a three-way fixed effects model. The third fixed effect is a job title effect; if we had more observations, we could introduce this effect as the field position.

This slight difference may be due to the estimated decomposition into observed and unobserved components in the second step, i.e. the potential correlation between Z with ε.

Appendix